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ABSTRACT CONTEXT PROCESSING

We present an approach for context processing
that comprises a carefully designed and fine- ol | oo 77/ contena /

tuned POI (Point Of Interest) data collection 1L Paces [ i
technique, a crowdsourcing approach to en-

rich our data collection and two radically dif- et Places for » i 7/ conterua / | gy process 7/ Merged /
ferent approaches for suggestion processing (a e Paces Phone ce:
k-NN classification-based and a Rocchio-like). A j

In the context processing, we collect POIs from / Contexts / 1» Vel L7/ gt /L> ECt:VEEURﬁéL DSR%?Egtfm

three popular place search engines, Google

Places

Places, Foursquare and Yelp. The collected # ----- o #
POIs are enriched by adding snippets from the o T coone T
Google and Bing search engines using crowd- octaied Paces pescrptons (@) ||| gearh Engine :
sourcing techniques.
In the suggestion processing, we propose two Figure 1: A system flowchart of the context processing.
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TREC 2013 is the second year that the Contex- =

Pool with

. . . : — =
tual Suggestion Track is running. The track’s Petaled Places indexing: Tie.
per Context Description, Place Ir(1:dex per {
. . . . N Types ontext |
g.oal is to investigate search techn1que§ con B coaione /|
sidering as context only the user’s location, as Examples o Ry e ™ peruser §
well as considering user interests via personal ’

the track focuses on one situation: a user with Crampe .
a mobile device with limited interaction but
some sort of user profile; who is in a strange
town; and who is looking for something to do.

There is no explicit query: the implicit query o Suggestion model based on k-NN classification method: In this model, we propose the usage of
is “Here I am, what should I do?”. places as queries that are requested in the index of examples and we score the results by
using tf-idf weights on k-NN algorithm [1]. The scoring of results is based on the profiles
of users. (Run DuTH_A)
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. Queries with ue;yerper
preferences and past history. In other words, , / Profiesof —® Rocchio Algorithm U

Figure 2: An overview of the proposed suggestion models.
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P@5 MRR TBG

— In the TREC evaluation results, both ap-
DuTH‘_A 03083 04836  1.3109 proaches seem very promising. DuTH_B (i.e.
DuTH_B 04090 05955  1.8508 the Rocchio-like approach) performed Dbet-
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